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@ g; ~ 1 for all pairs of atoms i and j that we want to be dependent, R P ETEar :

@ g; ~ 0 for all other pairs of atoms.
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Euclidean distance: deyc(x,y) = |x — y/|?
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ATAS + \SS'S + ¢ @ Either temporal or spectral co-occurrence constraints can be enforced successfully.



